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Fig. 1 Mixed-frequency investor sentiment
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Table 1 Investor sentiment and stock market returns: Results from OLS model
a B Adj - R?
0.002 6 0.074 177
0.308 6
(0.3877) (5.946 7)
0.000 0 0.045 37
0.241 6
(0.040 3) (10.425 7)
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Table 2 Mixed-frequency investor sentiment and stock market returns: Results from MIDAS model
@ B 0, 6, Adj - R*
; 0.004 7 0.252 6*** 1.476 2 -0.309 7" 0.2342
(0.654 7) (5.167 7) (1.5575) (-1.6517)
/ 0.003 2 1.453 1 *** 0.395 57 -0.019 6*** 0.316 6
(0.4819) (6.3153) (3.5230) (-3.6331)
, 0.000 4 0.203 7*** 0.478 4" -0.065 3 0.244 4
(0.2427) (10.414 4) (1.881 3) ( -1.6456)
@rm e e 10% 5% 1%
3 MIDAS /
AdjR*  (0.234 2)
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1 2 3
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OLS AdjR®
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AdjR 0.640 6 AdjR® 0.2773 3
/ AdjR? 0.628 8 Adj-R*  (0.276 4) .
3
AdjR*  (0.584 8);
MIDAS /
3
Table 3 Mixed-requency investor sentiment and realized volatility: Results from OLS model
@ RV, B Adj - R?
0.000 3 0.463 3™ 0.000 9***
(0.470 8) (5.7222) (5.572 3) 09848
0.000 37** 0.317 3% 0.000 2***
(2.286 1) (6.318 2) (6.317 4) 0.276 4
Do ey 10% 5% 1%
4 : MIDAS
Table 4 Mixed4requency investor sentiment and realized volatility: Results from MIDAS model
a RV, B 0, 0, Adj - R?
; 0.000 2 0.414 9*** 0.001 17*** 9.999 5 -1.192 1 0.640 6
(0.000 5) (5.354 8) (7.037 2) (1.581 3) (-1.5442)
; 0.000 2 0.440 1*** 0.001 17 9.999 4*** -0.321 0*** 0.628 8
(0.000 5) (5.872 3) (6.8425) (3.5307) (-3.5337)
; 0.000 2** 0.307 7% | 0.0002*** 9.9359 -1.2950 0,277 3
(2.146 6) (0.050 4) (6.416 9) (0.368 1) (-0.3427)
NN 10% 5% 1%
GARCH
5 3.3
B 3.2
B 1%
GARCH-MIDAS
5 3 ( (10))
5 AdjR’ 3 7
GARCH 7
0 ( 0.4597 0.163 3
5 6 0.108 4) / /
/ Adj-R*  (0.894 4) 5 1%
Adj-R>  (0.892 6)
MIDAS
GARCH 3.2
/ /
AdjR* ( 0.6191 0.6256)
5 AdjR>  (0.631 4)
MIDAS GARCH
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Table 5 Mixed4requency investor sentiment and GARCH volatility: Results from OLS model
a &1 B Adj - R?
0.001 17 0.744 57 0.000 1
0.631 4
(2.7199) (9.616 6) (1.502 3)
0.000 0 0.886 4 0.000 0 ***
0.892 6
(1.3201) (42.274 1) (4.9949)
.oEy kkr . Wkkk 9 10% 5% 1%
6 GARCH : MIDAS
Table 6 Mixed4requency investor sentiment and GARCH volatility: Results from MIDAS model
@ 8i-1 B 6, 6, Adj - R?
/ 0.001 17 0.756 877 0.000 1 9.993 1 -1.880 1 0.619 1
(2.6789) (10.101 8) (1.3268) (0.313 6) (-0.349 1) ’
/ 0.001 0** 0.756 97 0.000 1" 9.993 8 -2.5472 0.625 6
(2.5885) (10.493 5) (1.741 4) (0.417 6) (0.3989) '
/ 0.000 0 0.882 377 4.008 5¢ —05*** 9.9912 -1.0050 0.894 4
(1.146 8) (41.8841) (5.6720) (0.169 8) (-0.1431) '
L owEn . Wk . Wkkk 10% 5% 1%
7 : GARCH-MIDAS
Table 7 Mixed-requency investor sentiment and long-term volatility: Results from GARCH-MIDAS model
I o B 0 1) m
, 0.000 8 0.0997" 0.332 8 0.459 777 12.224 0" 0.014 07
(0.558 0) (1.6589) (0.654 0) (9.7855) (1.784 4) (4.5329)
, 0.000 2 0.056 7*** 0.911 4*** 0.163 3*** 3.2252 0.008 77**
(0.687 6) (6.445 1) (37.484 0) (7.657 6) (1.576 4) (5.3221)
/ 0.000 2 0.046 2*** 0.946 7*** 0.108 4 1.217 3 0.013 4
(0.8221) (5.6447) (110.680 0) (1.2535) (0.607 8) (8.7847)
LowEn ks Wkkx 10% 5% 1%
MIDAS
GARCH
MIDAS
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Mixed{requency investor sentiment and stock price behavior

YAO Yao=hi' WANG Jian-giang' LIU Zhifeng”
1. Business School Central South University Changsha 410083 China;
2. School of Economics and Management Hainan University Haikou 570228 China

Abstract: This paper studies investor sentiment with three different frequencies: daily weekly and monthly
and applies MIDAS model to study the effects of mixed<requency investor sentiment on stock market return
and volatility. It is found that the mixed-{requency sentiment has a significant positive impact on both return
and volatility and that the MIDAS model outperforms the traditional regression model. The GARCH-MIDAS
model is used to study the effect of mixed4drequency sentiment on the stock volatility and it is found that the
mixed<requency sentiment significantly affects the long+erm volatility.

Key words: investor sentiment; mixed4requency data; MIDAS; realized volatility



